I n 2014, the National Quality Forum (NQF) stepped back from a long-standing policy that quality performance measures should not be adjusted for socioeconomic factors. 1 This policy was originally intended to prevent acceptance of a lower standard of care for disadvantaged populations and was thus thought to be a route to reducing health disparities. Given the NQF's role as an authoritative clearinghouse for quality measures, this policy was incorporated into the full range of measures for which healthcare organizations are accountable, including the risk-adjustment models for the Center for Medicare & Medicaid Services' 30-day readmission and mortality measures for heart failure. Through the Hospital Readmissions Reduction Program 2 and the Hospital Value-Based Purchasing Program, 3 poorer performance on these measures can result in diminished reimbursement to hospitals. Questions began to arise, however, about the wisdom and fairness of excluding socioeconomic variables from risk-adjustment models.
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A host of variables associated with socioeconomic disadvantage, including educational attainment, income, race, neighborhood of residence, and early childhood environment, has been independently associated with health outcomes. By failing to account for these conditions-which are outside providers' control-not adjusting for socioeconomic factors has the potential to worsen performance on measures used to determine reimbursement, and therefore reduce resources available to hospitals that disproportionately care for the disadvantaged. This weakening of the safety net could have the unintended consequence of worsening health disparities. It was this argument and the emergence of empirical evidence supporting this argument 4,5 that motivated NQF to reexamine its policy. As a result of this re-examination, NQF now recommends that sociodemographic factors should be included in risk adjustment unless there is evidence that adjustment is unnecessary or inappropriate, provided that clinically adjusted results stratified by sociodemographic factors can be reported. 6 An additional recommendation is particularly relevant to this discussion: "NQF and others … should develop strategies to identify a standard set of sociodemographic variables (patient and community-level) to be collected and made available for performance measurement and identifying disparities." 6 In this issue of Circulation: Heart Failure, Eapen et al 7 add to the body of literature on the relationship between socioeconomic variables and heart failure outcomes in a way that helps us understand how a standard set of socioeconomic variables should be collected. They used patient and hospital characteristics obtained from the well-known Get With The Guidelines-Heart Failure program to develop prediction models for 30-day readmission and mortality rates obtained from Medicare claims, compared predictions from the models with actual rates, then used Census data to assess the value of adding socioeconomic variables to the prediction models. They found that the C-indices-measures of the models' discriminative capacities-did not change when socioeconomic variables were added to patient characteristics or to patient and hospital characteristics.
It would be wrong, however, to interpret the results of the study as showing that it is unnecessary or inappropriate to adjust heart failure outcomes for socioeconomic characteristics. Rather, the best explanation for the findings is that the socioeconomic variables used in the analysis did not adequately capture the complexity of socioeconomic position. As the authors point out, more granular data might have altered predictions. The current study used county-level data on educational attainment, income, wealth (as assessed by home values), and occupational classification. County-level data are problematic in 2 ways.
First, average data from an aggregate of individuals cannot be used as a substitute for individuals' data. Making this substitution uncritically is the so-called ecological fallacy 8 attributed to Robinson. 9 It results when there is a substantial difference between within-group and between-group correlations for the variables of interest, often as a result of unmeasured confounding. For example, Robinson used US Census data to show that there is a positive correlation of 0.53 between being literate and being foreign born on a state level, but a negative correlation of −0.11 on an individual level. The difference was attributed to the confounding effect of the tendency of immigrants to settle in states with high levels of literacy.
It is not always incorrect to use ecological data, however. Sometimes an outcome can be affected by an attribute of the aggregate that cannot be attributed to an individual. This is true with social determinants of health, where neighborhood-of-residence can exert effects on health independent of individual socioeconomic position. 10 This brings us to the second problem with using county-level data. Counties are not neighborhoods. Heterogeneity within counties, especially urban counties, can be dramatic. When I look out my office window in the early morning, I can see the shadows of luxury high-rise condominiums fall on a public school that serves a neighborhood with a poverty rate of 40% and an unemployment rate of 20%.
How then might we better capture the complexity of socioeconomic position for the purpose of better understanding variability in heart failure outcomes? First, we need agreement on a common set of domains that are used to define an individual's position in our stratified and hierarchical society. In the United States, the domains that should be considered for inclusion are income, wealth, education, race/ethnicity, occupation, and residential environment. Some authors would add political voice as an additional and independent marker of socioeconomic position. 11 These domains are obviously highly interrelated and therefore might not have significant and independent predictive capacity in multivariable models. Efforts to find single measures that do as well statistically as multiple measures 12 may be a mistake however, because the solutions to the disadvantages associated with each domain are different. The complexity is meaningful; each of these domains has an effect on cardiovascular outcomes. Second, we need agreement on which variables and which data source best capture the concept underlying each of the domains we have chosen. Finally, we will need to see that these data are collected consistently and accurately. That the preponderance of studies in this field have used aggregated socioeconomic data is probably the result of lack of availability of high-quality individual-level data rather than lack of appreciation of the limitations of aggregated data.
The use of the current group of performance measures may have improved average outcomes for all patients, but it may have done so at the cost of harm to some. Put another way, the use of these measures may have resulted in the "greatest good for the greatest number," but it has not resulted in the just and fair healthcare system to which we aspire and probably has not improved heart failure care to the greatest degree possible. Collecting the socioeconomic data that best capture the concept of disadvantage in all its complexity is a task to which all those who care for patients with heart failure should pay attention.
